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ABSTRACT

Arteriosclerosis is a disease in which the carotid vessel wall becomes thick, and it is important to monitor the
thickness of the vessel wall for diagnosis. In this study, we propose a model for extracting 324 radiomics features
from carotid MRI images and diagnosing arteriosclerosis using machine learning techniques. We learned a total of four
classification models: logistic regression, support vector machine, random forest, and XGBoost through radiomics
features. XGBoost model, which showed the highest performance in 5-fold cross-validation, shows the results of
accuracy 0.9023, sensitivity 0.9517, specificity 0.8035, AUC 0.8776.
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COSMOS 2022 Challenge (Carotid vessel wall se
gmentation and atherosclerosis diagnosis challenge)
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Logistic Regression 0.7416 0.8754 0.4739 0.6747
SVM 0.7973 0.9180 0.5559 0.7369
Random Forest 0.8691 0.9380 0.7313 0.8346
XGBoost 0.9023 0.9517 0.8035 0.8776
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