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Table 1. Text Preprocessing Comparison

Text Text #1 | Text #2
Preprocessing

No. of Vocabulary 4447 2688

No. of Corpus 11346 10059

Ratio of Corpus / Vocabulary 2.55 3.74
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Fig. 1. Layers of LSTM Model
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Fig. 2. Core Vocabulary Position & Direction
in 2D Domain for a Poem by Hyeung-Do, Ki

Table 2. Text Preprocessing Comparison
(Relative Distance & Angle from ‘Office’)

Property
(from "Office’) Text #1 Text #2

‘Paper’ 1.0 2.0

Distance :Man’ 1.0 2.1
Cold’ 1.0 0.2
‘Weep’ 1.0 1.0
‘Paper’ 120deg 130deg
‘Man’ 90deg 130deg

Angle ‘Cold’ 170deg 40deg
‘Weep’ 110deg 45deg
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