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Fig. 1. Calculation time for each function of CUDA Hash table[5],
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Il The Proposed Scheme
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Fig. 2. Sorting process using Bitonic sort,
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Fig. 5. Uniform grid using sorting,
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Fig. 6. Comparison results of sorting elements with
Thrust and Bitonic algorithm,
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Fig. 7. Comparison results of density calculations
(inset image : density of water particle, red : high density,
blue : low density).
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(b) Visualizing density with Thrust library based hash table
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Fig. 9. FLIP based fluid simulations with our method

(number of particles : 2,097,152),

IV. Conclusions
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