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(unsupervised learning)
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Fig. 1. Amazon Login Page : New User (Top) vs,
Old User (Bottom)
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2. Importance of Metadata
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def evaluation(model):
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# movie_id) & A
id pairs = zip(X_test['user id'], X test['movie id"])
# RE (user_id, movie id) & oz Folxl
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y_pred = np.array([model(user, movie) for (user,
movie) in id pairs])
# A Jd 7=
y_true = np.array(X test['rating'])
# RMSE At & qigt
return RMSE(y true, y pred)
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g o mean = merged ratings[['movie id', 'sex’,
'occupation', 'rating']].groupby(['movie id',

'sex’, 'occupation'])['rating'].mean()

def cf gender occupation(user id, movie id):
if movie id in rating matrix:
gender = users.loc[user_id]['sex']
occupation = users.loc[user id]['occupation']
if (gender in g o mean[movie id]) &
(occupation in g o mean[movie id]):
gen_occup_rating = g o mean[movie id]
[gender][occupation]
else:
gen_occup_rating = 3.0
else:
gen_occup _rating = 3.0
return gen occup_rating

evaluatedValue = evaluation(cf gender occupation)
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lIl. Conclusions
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