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Il The Proposed Scheme
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Fig. 2, Detection and Segmentation results by the
Mask R-CNN
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Fig. 3. Area with unusual aspect ratio

lll, Experiment results
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Fig. 4. Experimental results without the aspect ratio module
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Fig. 5. Experimental results with the aspect ratio module
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Fig. 6. Detection result of not applying aspect ratio module (left), Detection result of applying aspect ratio module (right)

IV. Conclusions
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