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AR 3T A 7] G- (Japan Aerospace Exploration Agency, JAXA)E 2007d 58 201737t
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AFP JAXAE AT A di7)dd EAsts A7 Ao my R Ay gR olFIvs
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1. B BEHO YR FEAYI, CE 559 EBEAS
s (Mars) EHe s 2 AEL F49d d d B9 ZA 8T 7 Ay g AW Age Eo| A dtis
AF2(Oxygen)e] ddFo =z A8l (Iron Oxide)Z wFH AT, AP E SR
s}Adol FEA olf= B AR QS H&ojATh 4 (Meteor)& B EA A HAdA Holdd WA
92 53 kATt m¥el gle] slAow Wt ¥ Ze EHE AT FHo EHEY v ddeoltH2l
o xdo| & gtk A3 Awsh xRl vHll. S=7b wfe wEARE gi7]eke] wpEz mF B
2008 ¢olL ol oz AyTe o EARM FH=akok g7 gl 92 fAdol AxWe uiE FEI &S
1% (Chandrayaan-1)& 2o} &%t} =2k 159 BA} S AT 28 S o ATH oy Qu ol
ExE g g¥WF Aol Y& 2E I ¥ BE Eehobof Abaoh Adts) Axulel EAEE AEE 557
Az A= Zedh FeEgek 13dde gt
n| Zay 93 (National  Aeronautics  and  Space aEet frAeR a"At =9 @ E3bells
Administration, NASA)®] AEFZ A4 (Jet Propulsion 23 d5o] EFH JUAN ol FAIEHAM FHEI=
Laboratory)oll Al Al#tgk & @& Ax=247](Moon @ gt E E=EdAde Hyd LduE AAER A
Mineralogy Mapper, M3)7} &&= 9th ATAE5S M3=2 2173 % (Generative Adversarial Networks, GAN)o. & &
g EWHS g W Jhrte]l A BB BILE wekre] @47 2¥-A d9ds AASE, EF IdS5S
etk grolo]l  #(Shuai Li)eE  #33 dlo]EolA wAste] dol kst #HA gFHel slodstaa ghrh3]
84 (Hematite) S AT H2@Ae do| x&ux  Fdel Agd GAN  Ed2 oh=3l(Anokhin)®]
A A = 7} CIPS(Conditionally  Independent Pixel Synthesis)t}.
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= Camera Engineering Data Record)e]x, X% HolHE
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(¥ 1) Image generators with CIPS(Conditionally Independent Pixel Synthesis)

T4 dolHo HAAYA 7tEx 2718 9 mebry Aebd A 24 #5E gk DIN #5711 A9 &
A W, g4 g8 23S A9s F8 FlgoH7-8l. Ak 7 5F I E4 V1S AFea, AR
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2. &t A Hoh ~uo] ~XE #7 9 o] oF 50009 4& FAF

FgeoFATAL 20229 89 FTEH o EALA 3, T eFAFLL KPLO el oF 23009 9&
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(¥ 2) Structure and operation of the discriminator that is a DAE(Denoising Autoencoders)
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