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Algorithm 1 Pseudo code of FC-BERT

Input: X: drug review text data

Output: S: a list of strings that split corpus into sentences
RESULT1: ADE extracted from a corpus removed from
symptoms

RESULT2: ADE for other drugs extracted from a corpus
RESULT: The final result obtained by subtracting
RESULT2 from RESULT1

/I STEP 1 Split text into sentences

Read X

SetSto[]

Perform Sentence classification using SDDLModel

Add classification result to S

Return S

/I STEP 2 ADE extraction with symptomatic ADE removed
Read S
if S is a sentence with a drug name then

if drug name in k then
Delete the previous sentence of k
endif
endfor
endif

Set s_true to []
foriin$S:

Predict ADE status using ADE Classifier model

if the predicted value is ‘True’ then

Add S[i] to s_true

endif
endfor
Perform convert a list of sentences to a single string
Perform ADE df extraction using ADE pipeline model
if ‘entities’ in df is ‘ADE’ then

RESULT1 <- df
endif
Perform Extracting 'Side Effect Representation'
‘classification Entity' from RESULT1
Return RESULT1

and

/I STEP 3 ADE extraction for other drugs
Read S
if S is a sentence with a drug name then
Sets trueto[]
foriinS:
Predict ADE status using ADE Classifier model
if the predicted value is ‘True’ then
Add S[i] to s_true
endif
endfor
Perform convert a list of sentences to a single string
Perform ADE DF extraction using the ADE RE model
Perform Changing the order of ADE DF columns
RESULT?2 <- df
Perform Extracting 'Side Effect Representation' and
‘classification Entity' from RESULT2
else
RESULT2 <- empty df
endif
Return RESULT2

/I STEP 4 Final Result ADE Extraction and Classification
Read RESULT1, RESULT?2
RESULT <- RESULT1 - RESULT?2
if len(RESULT) is 0 then
Return 0
else
Return1
endif

forkinS:
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Dataset ADE Corpus V2
ADE Accuracy 0.611
Pipeline Average Precision 0.712
Average Recall 0.725
Average F1-Score 0.718
FC-BERT Accuracy 0.804
Average Precision 0.767
Average Recall 0.738
Average F1-Score 0.752
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Review I experienced whole body pain due to

dancing practices for several hours of
the week. Tried taking ibuprofen, it
gave me eye allergy. My eye bulge and I
also experienced some chest pain.
ADE whole body pain(57), eye allergy
Pipeline | (ADE), eye bulge(ADE), chest pain(ADE)
FC-BERT | eye allergy (ADE), eye bulge(ADE),
chest pain(ADE)
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