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I, Preliminaries

1. Datasets

1.1 SYSU 3D HOI dataset
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Fig. 1. SYSU dataset 12
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1.2 eNTERFACE'05 Audio-Visual Emotion Database
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Fig. 2, eNTERFACE 05 dataset 12

1.3 DHG-14/28 Dataset
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lll, The Proposed Scheme
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Table 1. SYSU 3D HOI Hio|&{4llofl CHEt & Bl

Method Accuracy
HON4D[14] 79.22%
MTDA[15] 84.21%
JOULE-SVM[16] 84.89%
CTDAN[17] 98.33%

M otst g 99.66%
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Table 2. eNTERFACE’ 05 HIO|E{Allofl CH$t M S H|L
Method Accuracy
Rashid al[18] 80.27%
Razuri al[19] 98.00%
M| otst g 99.00%
Table 3. DHG-14 dlOo|E{Alofl gt M5 H|IL
Method Accuracy
Res—-TCN[20] 91.1%
STA-Res-TCN[20] 93.6%
ST-GCN[21] 92.7%
DG-STA[22] 94.4%
X obst g 95.48%

IV. Conclusions
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