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1. Detection of DoF region in a single image
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(a) Input image

(b D

Fig. 1. DoF weight map D calculated using the DoF region
(white : focusing, black : defocusing).

2. Convolutional Neural Networks with DoF regions
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Fig. 2. DoF CNN(Convolutional neural network),
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3. Post-Filtering to Calculate Binarized DoF regions
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Fig. 3. Comparison result with variation of D and D in
cross section (red).
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Fig. 4. Refined DoF weight maps from various input images,
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4. Validation Test
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Fig. 5. Object recognition,
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Fig. 6. Viewport tracking.
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Fig. 7. Non-photorealistic rendering,
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Fig. 8. Character recognition,

lIl. Conclusions
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