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Sensor type Number of units Target gases Chemical analyte name Molecular formula Concentration
TGS2611 1 Methane Acetone C3Hz0 2500 ppm
TGS2612 1 Methane, propane, butane Acetaldehyde CzH40 500 ppm
TGS2610 1 Propane Ammonia NH; 10,000 ppm
TGS2600 1 Hydrogen, carbon monoxide Butanol C4HaOH 100 ppm
TG52602 2 Ammonia. H,S. volatile organic Ethylene CoHy 500 ppmy
compounds (VOC) Methane CH4 1000 ppm
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