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Classifier Accuracy type Precision Recall F1-score

A 0.88% 0.97% 0.92%

Ran?ggv%’reﬁ 0.91% B 1.00% 0.84% 0.91%

C 1.00% 0.91% 0.95%

A 0.73% 0.93% 0.82%

RandomForest 0.77% B 1 00(%2 0 57(%0 0 73;

(Word2Vec) : : D17 1270

C 1.00% 0.51% 0.67%

o , A 0.90% 0.94% 0.92%

Loglsué%v%gesswn 0.90% B 0.93% 0.90% 0.91%

C 0.90% 0.95% 0.92%

A 0.78% 0.80% 0.79%

LogisticRegression | 740, B 075;) 079; 077;

(Word2Vec) : A II7 A

C 0.88% 0.88% 0.88%

_ A 0.90% 0.93% 0.92%

Lm(eBa&A%VM 0.90% B 0.96% 0.87% 0.91%

C 0.98% 0.93% 0.95%

L SVM A 0.86% 0.83% 0.84%
mear

(Word2Vec) 0.84% B 0.89% 0.85% 0.87%

C 0.96% 0.89% 0.93%
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