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Table 1 Changes of the area in afforestation and civic usage area

2012-201% Leal Area Density(m2/m3) in Existing Gaps 2012-2015 Leal Area Density(mz/m3) in Closed Gaps
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Land-use type Afforestation
Year 2012 2013 2014 2015
No. of 925 792 542 601
Mean (m?) 36041969 | 42311067 | 37.014835 | 35.54%70.12
Maximum(m?) 2.250.5 22121 1,2935 906.0
Sum(m?) 33,3345 335121 20,0575 21,360.5
Land-use type Civic usage
Year 2012 2013 2014 2015
No. of 607 531 540 548
Mean(m?) 236.9+750.3 | 280.0+1024.7 | 226446281 | 246.2+671.0
Maximum(m?) | 10,6935 187,595 771133 7,736.0
Sum(m?) 1438165 148,665.8 12,2240.8 134,934.5
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Figure 1. Differences in leaf area density(m?/m®) (a: natural gaps
(existing), b: natural gaps(closed), ¢: opening area (civic
usage, d: no opening)
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