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Clustering of M algorithm is

input :
Senzing_type_power S1
Senzing_type_IP 52
Sensing_all S
Data_manage_type_pre DI
Data_manage_type_volatile D2
Data_manage_type_all D
Processing type P
Output O

output
Result_Clustering X

Apply_to EM_1
input :
S1, 82,8, 0,02, D,P, 0
output -
ClusterS1, ClusterS2, ClusterS, ClusterD1,
ClusterD2, ClusterD, ClusterP, Cluster0

Bind_to_similarity
Groupp == ClusterS1 and ClusterS2 and Clusters
GroupB == ClusterD1 and ClusterD? and ClusterD

Apply_to EM_2
input :
Grouph, GroupB, ClusterP, Cluster(
output
ClusterA ClusterB, ClusterC, Clusterl

Bind_to_remainder
GroupX = ClusterA and CluslerB
and ClusterC and ClusterD

Apply_to EM 3
input :
GruopX
outeut f;lustnr)(
return X
5.AY 2 24
® AFdME HeR7E flske] Waikato thel
A g dlolE whold R WEKA 3.8.1 [4]&
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N Tol Mul2 Bi dueFe Fastar, 19
i AR SH2H s S48 s SUsH
of /5 3 JHelM 10 WA =4 sk dds I
SATH. <E 3> K =4, 5, 69 Axo|r}.
<E 3> FYAHY (K = 4,5, 6)
K=4
Cluster0 Clusterl Cluster2 Cluster3
Mean 28.1425 2.1425 6.8788 77.6465
Std. Dev 2.2315 0.5308 3.2366 427817
Instances 7 22 6 2
K=5
K=5 Cluster0 Clusterl Cluster2 Cluster3 Cluster4
Mean 26.5066 2.2692 5.8433 77.9994 25.6283
Std. Dev 6.787 0.5276 2.1838 0.1752 0.9526
Instances 5 22 5 2 3
K=6
K=6 Cluster0 | Cluster]l | Cluster2 | Cluster3 | Cluster4 | ClusterS
Mean 2.2727 25.6667 30 78 14 6
Std. Dev | 0.5505 1.1547 18.8891 18.8891 0 0.7071
Instances 22 3 4 2 1 5
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