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ABSTRACT

In this paper we propose a human body tracking method for application of smartphones. The conventional
human body tracking method is divided into a sensor-based method and a vision-based method. The
sensor-based methods have a weakness in that tracking accuracy is low due to cumulative error of position
information. The vision-based method has no cumulative error, but it requires reduction of the computational
complexity for application of smartphone. In this paper we use the improved HOG algorithm as a human
body tracking method for application of smartphone. The improved HOG algorithm is implemented through
downsampling and frame sampling. Gaussian pyramid is applied for downsampling, and uniform sampling is
applied for frame sampling. We measured the proposed algorithm on two devices, four resolutions, and four
frame sampling intervals. We derive the best detection rate among downsampling and frame sampling
parameters that can be applied in realtime.
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