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ABSTRACT

The Korean government published the personal information de-identification guideline on June 2016, which
were made by related government ministries. The guideline’ s objective is that the invigoration of Korean
bigdata industry on personal information protection under the current laws. However, if there is some
unreasonable method or process in the guideline, it can be an obstacle to bigdata analysis. This article will
review the guideline to find defects in methods and processes of de-identification evaluation, de-identification
support and data-linkage and then propose the best solutions to improve them. Lastly, this article will mention
how these solutions can invigorate Fintech industry.
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Table. 1 Fintech industry invigoration effects by each
reform

Reform details Invigoration effects

- Save Fintech companies’
evaluation cost, time and
invest more time on bigdata
analysis

- Reduce burden on collection
of updated or slightly
different data from initial data

De-identification
evaluation time change
based on the bigdata
analysis process

Strengthen specialized |- Save Fintech companies’

agency’ s de-identification cost
de-identification - Analyze better utilization
support de-identified data

- Make perfect matching of
2+ data possible

- Produce better Fintech’s
analysis result through

Specialized agency’ s
support on temporary
key creation for
data-linkage

linkage
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