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ABSTRACT

Localization of a sensor network node using machine learning has been recently studied. It is easy for
Support vector machines algorithm to implement in high level language enabling parallelism. In this paper,
we realized Support vector machine using python language and built a sensor network cluster with 5 Pi’s.
We also established a Hadoop software framework to employ MapReduce mechanism. We modified the
existing Support vector machine algorithm to fit into the distributed hadoop architecture system for
localization of a sensor node. In our experiment, we implemented the test sensor network with a variety of
parameters and examined based on proficiency, resource evaluation, and processing time.

7|1 =

AU ESE, AR AE R, AA2H, &5

.M 2 gt otk ERol o3 WHodE  k-nearest
neighbors, naive Bayes, AIAWE M, 24 Eg
EO] A, A o P> Ay 37, Y
gz ¥ 252 A3 39, ridge, lasso 5°] ATt [3].
T2 shue] YA Aoz At o Nguyen2 AlA] =9 9|x|g}eto] HE"“ /]ﬂ
o AAN 22s FAF BA A9 g, "J%] Hiow wagd < gty 93T [4. EF
T4

ocll'f*

BAY, AAY 32, WA mA 5o
8l AT T A4 dE ] o)

e

p

of 71712k §A & ThdRk Zobol HEstd o ww F, A IH—‘IEiﬂi/‘JS e %_“ﬂii‘rgl ol
el 7hesitt [1]. 2l g, AuHor v ALARE, ol&Hel

AA mEl HAE dotets M2 B

71 A &5 [2]01] ARG AN == YA E
otk Eﬂ 280l 7Hsd 7 TR &= A
5 ol o3 W 37 9

@ dolE 249 Beses 542 s
oL FH2HE AR AN =S 9%
Bol 2§ s AAAERA SuES
zgadgos TRt 4 BAU

Aa o
fo

I‘)' —IIN'

d
r
qm

- 944 -



MM UERIOIM x| SES fI8 24t XIX] #HiE Tl

I, XIX| #E] oAl

2
Ir

N
o

Nt o B odu dr oo Y

1A FHE ol & == A
A 753 BY WelA dHolg ZQIE
o2RE At gojA Qe XIE ot
HAQ AAHL Y F 9= AT} 3
712 Fa= stk a9 194 E"‘f&
o]= dlolE FEo| tsle] HolHE
T IFeE UE F e 99 7}11
olt}y. ©lolElr} 2x¢ o2 EolA 9o,
aFo® Uiyl feie AHow 2T
1209 "ol Fasith ageAE D)7 A
Holgta RHoxw, ol HMEE A A #WE eI
la=3

=z

*—ré
3L O]
,_v_

£¢mW$¥m
o

o [ o &

L2y
et

1o_gmlﬂlr_{m

rr

2|

F

(A): Two separable groups (B)
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