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0 <Learning Stages>
i H (D 1. Obtain the ratio of width to height for each
_ X H4()H( type of Plant Leaf.
d H{ H,) = 1 )
corret (H1, H2) \/Z-H’ 255, HY2 (D) @ 2. Obtain the mean value of step 1.
71 i 2 3. Obtain the min and max range of step 2.
. ) 1 ] 4. Randomly selected of n data from K-
H k(l) = Hk(l) - (ﬁ)( Zj Hk(])) » N |earning data.
- 5. Get the edge values from step 4 selected
[5.9] data.
. 0 , 6. After then, find using the each histogram
: values from step 5 image data.
@)
. <Recognition Stages>
. -2 1. To recognize the plant's width and height
deni-square(Hy, Hy) X SO H20) - ato. g
cni—square ' 1 ]
1 Hy (6)+Hy (1) 2. Consider the value of the ratio of leaf and
determine the class candidate.
(2) Hy DB 3. The edge of the entered leaves to obtain the
RGB - H; value of histogram of the image.
) 4. Obtained in step 2, the selected candidate of
- ' the class representative leaves. And then,
(1) 0 obtain the similarity of the histogram.
5. The class value with the highest similarity is
chosen as the entered leaf's class value.
[] Fig 3. Wild Edible Greens Classification Algorithm
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Cirsium | Pimpinella | Ainsliaea | Cardamine | Sagittaria
setidens | brachycarpa | acerifolia | komarovi trifolia

Fig 4. Experimental data (leaves)
70%

, 30%
. Table 1

Table 1. Leaves ratio of each width and height

Image | Image

Image | Image | Image | Image
Name
1 2 3 4 5 6
Cirsium
setidens 1:2 2:3 170:74 1:2 34 2:3
Pimpinella
brachycarpa 2:3 5:6 17:16 35:34 1:2 1:2
Ainsliaea
acerifolia 9:10 46:47 10:11 1:1 9:10 12:13
Fig 5
Cirsium | pimpinella | Ainsliaea | Cardamine | Sagittaria 5
setidens | brachycarpa | acerifolia | komarovi trifolia ’

Fig 5. Obtained leaf vein images
Fig 3
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Fig 6. Experimental Result
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