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Notation: 4 = (A4,B,IT) 1)
N = Number of States 2
M = Number of symbols observable in States
V={vy v} @)
A = State transition probability distribution
A={a;}, 1<ij <N (4)
B = Observation symbol probability distribution
B={b(v))} 1<i<N1<k<M (5)
O = Initial State distribution
m;=p(g; =i), 1<i<N (6)
HMM
¢ )
HMM
A B, O : ,
A= |aij|
a; = P(qt+1 =sj |qt = s]-), 1<ij<N
Yj—1a; =1 (M

B = |b;(vy)|

2k=1bj(vi) =1 (8)
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Preprocessing ()

Sensing the Position of Joint by Sensor
Conversion position to vector of direction

}
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Fig 2. System Process
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