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2. Line features

2.2. LBP(Local Binary Pattern)
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2.4. LDA (Linear Discriminant Analysis)
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haar.detectMultiScalel( frame ., haarfaces );
for (1 =0 ; i< haarFaces.size() ; i++ )
Mat singleFace = frame ( haarFaces[i] );
lbp.detectMultiScale ( singleFace ., lbpFaces );
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4.2. 3 Class vs. 2 Class-2 Level
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