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ABSTRACT

Due to the prevalence of digital camera, multi-media etc. the image is being used in everyday life. However, noise always
damages the image and the image denoising technology is important part for improving the image visual quality. There are many
existing methods to remove noise such as wiener filter, mean filter and VisuShrink etc. However, they perform not good enough
for denoising. Hence, in this paper we proposed a hybrid filter algorithm which consists of wiener filter and modified wavelet
based thresholding method using adaptive threshold and thresholding function. The proposed algorithm shows not only better
low frequency and high frequency property, but also the outstanding noise suppression and edge preservation properties.
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(b) Noisy image(c=25)

(c) VisuShrink(soft) (d) SDWE(5x5)

(€) PWA(5%5)

(f) Proposed filter(5x5)

Fig. 1. Simulation result.
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Fig. 2. Magnification of Fig. 1.
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Table 1. Performance comparison for
restoring Goldhill.

Method
o . . .| SDWF | PWA | Proposed
VisuShrink 5.5 5.5 5.5
10 108.65 57.34 | 36.40 37.22
15 135.71 69.39 | 59.54 54.38
20 158.18 84.12 | 82.32 71.82
25 172.24 | 101.77 | 104.52 89.70
30 186.21 122.29 | 124.94 107.19
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