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Time Series Analysis of Engine Test Data

lldoo Kim™ - Hyun-Gull Yoon* - JinShik Lim*

ABSTRACT

In an engine test, data are collected in a form of a time series. Usually only the time average
of a time series is interesting to engineers while its stochastic fluctuation is being ignored. In
this paper, we collect pressure and fuel flux data from an air-breathing engine test and analyze
their fluctuations using the multiscale sample entropy analysis, which is suggested as a measure
of the complexity of a time series. It is shown that different physical quantities indeed have
different complexities at each timescales, suggesting a possibility of an instantaneous tool which

evaluates the engine test.
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