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Fig. 1 Rule-based quality prediction framework
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Fig. 2 Class diagram of ontology in injection molding

process
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@ Rule-based Quality Monitoring
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Table 1 Example of Rule

Rule description

Injection Molding Machine(?x1) * Product(?x2) »
Environment(?x3) * Material(?x4) *

Real-time injection molding variable valuel(?x5) *
Real-time injection molding variable value2(?x6) ~ ... »
swrlb: lessThanOrEqual(?x5, ?y1) *

swrlb: greaterTh-anOrEqual(?x6, 7y2) ~ ... *

-> Quality Problem(?z)
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Fig. 3 Rule-based quality prediction system ar-
chitecture
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@ Engine Layer

- Jena2: OWL(Ontology Web Language), SWRL(Se-
mantic Web Rule Language)® EHH &4 9]
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- SweetRule: 713 7|9k ZE7} Al o
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- WEKA: artificial neural network, decision tree, re-
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