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Adaptive Oscillators: its application to biped locomotion control
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Fig. 1 Adaptive Matsuoka’s oscillator
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(b)Adaptive Matsuoka’s Neural Oscillator
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(a-1)With a variable input
Limit-cycle of Matsuoka’s Oscillator

(b-1)With a variable input
Limitcycle of Adaptive Matsuoka's Oscillator
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Fig. 2 Frequency adaptation property of adaptive
Matsuoka’s oscillator
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Fig. 3 Scheme of locomotion control architecture
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Fig. 4 Joint angle variations of left leg (rad.) during
walking on slope terrain (blue lines mean
nominal trajectories)
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