7hol Ay FAZI AAHE A E o7t
AF 28 WY B7)
o] &
‘Fr st
An Automatic Spam e-mail Filter System Using x> Statistics and Support Vector
Machines
Songwook Lee’

*Chungju National University

E-mail : leesw@cjnu.ac kr

e AAHEZAE ol 8dt] 24 ojmde AFor BERshe AzES Addth Tofe ofF] A
Hol FA Bl FRE AAMEY|AY] AAR ARSI fEE Fho] AlF SAFE ol 83dt F83 A
e A9 F A7) AdS A HXTH GEFRE(IDF) o2 xdenh AdES o83t
SVME 53 &, SVM BR/7IE 449 ojdel =3 75 230 A3 23, 4nd Al2g el
TR olvld vlolE ol el oF 82.7%°] HsES AT

ABSTRACT

We propose an automatic spam mail classifier for e-mail data using Support Vector Machines (SVM). We use
a lexical form of a word and its part of speech (POS) tags as features. We select useful features with x?
statistics and represent each feature using text frequency (TF) and inversed document frequency (IDF) values
for each feature. After training SVM with the features, SVM classifies each email as spam mail or not. In

experiment, we acquired 82.7% of accuracy with e-mail data collected from a web mail system
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