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ABSTRACT

In this paper, we propose a method for deciding permission from the ATM(Automated Teller
Machine) using face detection. First, we extract skin areas and make candidate face images from
an input image, and then detect a face using Adaboost(Adaptive Boosting) algorithm. Next,
proposed method executes a template matching for making a decision on whether to wear
accessories like sunglasses or a mask in detected face image. Finally, this method decides
whether to permit ATM service using this result. Experimental results show that proposed
method performed well at indoors ATM environment for detecting whether to wear accessories.
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Y= (0.299 X R) + (0.587 X G) + (0.114 X B)
{(71; =(—0.169x R)— (0.331x G)+ (0.5x B)+ 128 (1)
=(0.5xR) —(0.419x G) + (0.081 x B) +128

1 if(77= (b= 127)N (133 < Or <173) ()
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Skin Color = {
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2.2 Noise filtering and labeling
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3.2 Integral image
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