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Abstract =~ Foreground segmentation methods have steadily been researched in

the field of computer vision, Especially, background subtraction which extracts a
foreground image from the difference between the current frame and a reference
image, called as “background image” have been widely used for a variety of
real—time applications because of low computation and high—quality, However, if
the background scene was dynamically changed, the background subtraction causes
lots of errors,

In this paper, we propose an efficient background subtraction method in dynamic
environment with both static and dynamic scene, The proposed method is a hybrid
method that uses the conventional background subtraction for static scene and
depth information for dynamic scene, Its validity and efficiency are verified by
demonstration in dynamic environment, where a video projector projects various

images in the background,
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