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Abstract ~~ With respect to the exponential increment of web documents on the
internet, it is important how to improve performance of clustering method for web
documents, Web document clustering techniques can offer accurate information and
fast information retrieval by clustering web documents through semantic relationship,
The clustering method based on mesh—graph provides high recall by calculating
similarity for documents, but it requires high computation cost, This paper proposes a
clustering method using hyperlinks which is structural feature of web documents in

order to keep effectiveness and reduce computation cost,
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