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Summarization of Soccer Video based on Multiple Cameras Using Dynamic
Bayesian Network
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Abstract Sports game broadcasting system uses multiple video cameras in order to offer
exciting and dynamic scenes for the TV audiences, Since, however, the traditional
broadcasting system edits the multiple views into a static video stream, it is difficult to
provide the intelligent broadcasting service that summarizes or retrieves specific scenes
or events based on the user preference, In this paper, we propose the summarization
and retrieval system for the soccer videos based on multiple cameras, It extracts the
highlights such as shot on goal, crossing, foul, and set piece using dynamic Bayesian
network based on soccer players primitive behaviors annotated on videos, and selects
a proper view for each highlight according to its type, The proposed system, therefore,
offers users the highlight summarization or preferred view selection, and can provide

personalized broadcasting services by considering the user’ s preference,

3J4/0]:  Multiple video cameras, intelligent broadcasting service, soccer video

summarization, dynamic Bayesian network
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