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Abstract Hand Motion Modeling and Recognition (HMR) are a fundamental technology in the
field of proactive computing for designing a human computer interaction system, In this paper,
we present a 3D HMR system including data glove based on 3—axis accelerometer sensor and
3D Hand Modeling, Data glove as a device is capable of transmitting the motion signal to PC
through wireless communication, We have implemented a 3D hand model using kinematic chain
theory, We finally utilized the rule based algorithm to recognize hand gestures namely,
scissor, rock and papers using the 3—D hand model,
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