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Abstract  Multimodal data to have several modalities such as videos, images,
sounds and texts for one contents is increasing, Since this type of data has ill—
defined format, it is not easy to represent the crossmodal information for them
explicitly, So, we proposed new method to extract and analyze vision—language
crossmodal association information using the documentaries video data about the
nature, We collected pairs of images and captions from 3 genres of documentaries
such as jungle, ocean and universe, and extracted a set of visual words and that of
text words from them, We found out that two modal data have semantic association
on crossmodal association information from this analysis,
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