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Context—based Social Network Configuration Method between Users

3£ 3, Jonghyun Han*, 9&8 Woontack Woo**

20 B - olgstel AGAS 71 &

YEHIAE ke TS At 22 @Y ALy d-ste] 24 YEHA i
il

2

upehd Aok e frulHEA
Y5& WYste AHYLEE ol gsto] 24
N

mde A3y T2 B4S 0|43

[}
YEYEE TAUT AdaE Eded A4

o
olN
ol
N
4o
:?:]::
>,
o
L3
1o
™
)
[~
|m
e
oty
=
=)

Abstract In this paper, we propose the method configuring social networks among
users based on users context and profile, Recently, many researchers are
concerned about social networks related with collaborative systems, In case of the
existing researches, however, it is difficult to configure social networks
dynamically because they are based on static data types, such as log and profile of
users, The proposed method uses not only user profiles but also context reflecting
users behavior dynamically, It computes the similarity among users’ behavior
contexts using hierarchical structure of context domain knowledge model, And it
calculates relationships between contexts by given weight factors of category of
context model, In order to verify usefulness of the method, we conduct an
experiment on configuring social network according to change of user context, We

expect that it makes dynamic analysis of relationship of users possible,

8J4]0]: Context—awareness, Social network, Context model Community computing,

Similarity measure
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