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User Adaptive Restaurant Recommendation Service in Mobile Environment
based on Bayesian Network Learning
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Abstract In these days, recommendation service in mobile environments is in the limelight due
to the spread of mobile devices and an increase of information owing to advancement of
computer network, The restaurant recommendation system reflecting user preference was
proposed, This system uses Bayesian network to model user preference and analytical
hierarchical process to recommend restaurants, but static inference model for user preference
used in the system has some limitations that cannot manage changing user preference and
enormous user survey must be preceded, This paper proposes a learning method for Bayesian
network based on user requests, The proposed method is implemented on mobile devices and
desktop, and we show the possibility of the proposed method through experiments,
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