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Abstract

To solve Pose-variation problem in 3D, we propose
an iterative 3D head pose normalization method using
2D and 3D interaction. The proposed method uses 2D
information with the AAM(Active Appearance Model)

and 3D information with a 3D normal vector.
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3t 1. Identification results

Acknowledgement.

AT A FFALAT A YAANATFAE

{i_
o A9e wel o] 7o) AHUL

o

EIRCS |

[1] T. F. Cootes et al. "Active Appearance Models,”
IEEE Trans. On Pattern Analysis and Machine
Intelligence, 23(6), pp. 6381-685, 2001.

[2] Viola, P. et al, "Robust real-time face detection,”
International JournalofComputerVision, Vol.57,No.2(200

4),pp.137-154.



