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Abstract

In this paper, we propose a method that makes
use of neighborhood relationship in 2D spectrogram
of separated sources toward the generalization of the
binary mask in Degenerate Unmixing Estimation
Technique (DUET). A new generalized mask can be
consist of five to ten mask. According to the new
mask, the original power of the spectrogram in each
frequency-time point is assigned. The result showed
a smooth and tender wave-form, indicating a high
speech separation performance compared to the

original method.
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