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To predict the iris matching performance and 34 w7 oz ZaA Hriel AAA 971t
guarantee its reliability, image quality measure prior oty Z#A Hrb 712L o7ke] A|Zlx|e] TAW
to matching is desired. An analysis on iris image Q4% 3 %(brightness), 16| (sharpness), &%
degradation factors which deteriorate matching (noisiness) 50] 9th ABA A7l 7]Z2L GAF w3
performance is a basic step for iris image quality (matching), 4Fe] LFEA =Ho| wa P71} So
measure. We considered five degradation factors— 9]
white-out, black-out, noise, blur, and occlusion by gt F3A Hp @24 Hlo]o ol Zwof A
specular reflection —which happen generally during o124 A3 A A#E o] ofUrh dZy FA
the iris image acquisition process. Experimental ol 4o 9o} Alo] o8k = A Wriel 012 Ao
results show that noise and white-out degraded the = stalet AEA o] QtH3) ek A Q2o o)Al
EER most significantly, while others on EER were 2Hol 58 Ao AL = Aol SxHo
either insignificant or degradation images resulted in or¥ 2 Tl
even better performance in some cases of blur. This B =Rl guidel i 9 FE 317 o)A
means that degradation factors that affect the uyel= sd 93 89S AAlsta, EER(equal
performance can be different from those based on error rate)E 7jdto® Zi 92 Ao wxE= o3
human perception or image degradation evaluation. o BAEYy
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+ Gaussian noise’} A, ZEE 2H A=z 9
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(d)
a9 1. 239 A 94 (@929 (b) white-out,
(c) black-out, (d) noise, (e) blur, (f) SR.
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a9 2. 34 Al wE EER. (a)white-out,
(b)black-out, (c)noise, (d)blur, (e)SR.
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