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Abstract

This paper presents adjustment of input order
to 1improve clustering performance of ART1. We
propose new method for On-line clustering which
adjusts initial input data wusing buffer. We
demonstrate the clustering performance of the
proposed algorithm by testing it on Zoo data set
from UCI and created artificial data set for
simulation.  Experimental results show that
preposed method increases 7.8% of clustering
performance than ART1 model on the average.
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