2008 4= CHEHMAIS S5

SHASEE =03 M31E M1z

o

TagE ©|&3 CBFY4e Hd= Hds %

*dEl g, AL,

d

N

U

o] A %

A4 A A DM T4 Application S/W Lab.

e-mail :

tk.um@samsung.com, sh96.choi @samsung.com, jaehwang.lee @samsung.com

A Study on Contents Preference Prediction Method using Tags
based on Content-based Filtering

*Tae—Kwang Um, Sung-Hwan Choi, Jae-Hwang Lee
Application S/W Lab., Digital Media R&D Center,
Digital Media Business, SAMSUNG Electronics Co.,Ltd.

Abstract

A content recommendation according to users
preferences comes up in the Internet application
due to contents overwhelming. This paper newly
proposes a method to predict contents preference
using tags in conjunction with Content-Based
Filtering. By implementing this method, this paper
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