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ABSTRACT

It is expect that Microarray technique be direct classification and diagnosis of Genetic data have abnomal
data value because DNA technique. It is necessary that many noses that is abnomal data in sampling genetic
data. So in this paper reported sampling method in exiting study then suggests new data classific system
and modeling method using EP by Matlab about three dataset.
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crosspop = crossar! + F * {crossan2 — crossarr3);
else
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end
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cross = oldpop .* noCross + Crosspop .* Cross;
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fori=1:np
for j = 1. nx

if (cross(i, §}) < xbound(i, )}
cross(i, )} = xbound(1, j);

elseif {crossli, }) > xbound(, }))
cross(i, ) = xbound(2, j);

end

end
end
% M2 CHS0lX ECh crossel HEE HIt
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bestpop = |
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end
end
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% Ol 3T M JHHE cfS M) HH (KA 2 o
popli, ) = cross(i, :);
fit() = tempfit; % ZHst gt HE

if (tempfit > bestfit)

bestpop = i;
1 bestfit = fit(i); % O 58 SHE U
b
end
end
end
end

objhist(gen) = bestfit; i
bestx = pop(bestpop, :}; % H f58 MAGE) AE

gen =gen + 1;
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iter = iter +1; ]
uo =\

tmp = UD ~m; % & #3 -‘aﬁ:gl A& A
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ttmp = sumitmp’);

% N(3) - SHAE FM VE Al
V=X * tmp';
for : = 1ic
RV
end

fori= 1

for j = 1:d
% VOB X9+ Xiol 2% oig
VO(j, 5} = V(, ) * ones(1, n);

end

tmp2 = X ~ VO,

tmp2 = tmp2 .+ tmp2;

dist{i, 1) = sum(tmp2);
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end
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end
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sumlU = sum{U);
fori= 1
UG, ) = Ul 0 L/ sumU;
end
loop_cond = max{max(abs{U - U0}));

end
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