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Hand Gesture Recognition Using Shape Similarity
Based On Feature Points Of Contour
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ABSTRACT

This paper proposes hand gesture recognition using shape similarity method. For this, we
require two steps which are aquisition of Hand area and similarity evaluation.
First step is extracting hand area using YCbCr color space. Then eliminate noise through Filter
and analyzing histogram. For doing this, we can measure similarity of hand gesture by applying
TSR after getting contour. Finally, we utilize shape similarity for recognizing of hand gesture.
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i=0
TH := ThresholdValue
while(i < 256) {
if(Hi < TH) then
convertColorInlmage(i, backgroundColor)
endif

» H;: Gray Image Histogram
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if (Diff < €)

Gesture = T_action
else

Gesture = None

- Diff =
Min(| Z}Gesture HF FALE mod HlaE N3 FAIE])

« T_action = Diff& HA#8He Gesture
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