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ABSTRACT

In numerical analysis numerical values of thermodynamic properties such as temperature, pressure, specific
volume, enthalpy and entropy are required. But most of the thermodynamic properties of the steam table are
determined by experiment. Therefore they are supposed to have measurement errors.

In order to make noised thermodynamic properties corresponding to errors, random numbers are generated,
adjusted to appropriate magnitudes and added to original thermodynamic properties. the neural networks and
quadratic spline interpolation method are introduced for function approximation of these modified thermodynamic
properties in the saturated water based on pressure.

It was proved that the neural networks give smaller percentage error compared with quadratic spline
interpolation. From this fact it was confirmed that the neural networks trace the original values of
thermodynamic properties better than the quadratic interpolation method.
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