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Abstract

This paper suggests a method using Bayesian inference to estimate the parameters of Weibull distribution
and acceleration parameters under the condition that the stresses are time-dependent functions. A Bayesian
model based on the discrete time approximation is formulated to infer the parameters of interest from the
failure data of the virtual tests and a statistical analysis is considered to decide the most probable mean values
of the parameters for reasoning of the failure data.
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Table. 1 Comparison of parameter groups

B 5, a Ve Dev
G“l’“p 0.008472 | 0.011172 | -21.66 | 2.05 | 0.2567
Gr;’“p 0.02187 | 0.007126 | -31.80 | 2.05 | 0.1973
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