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Abstract

The goal of our research is to build a text
-independent speaker identification system that can
be used in mobile devices without any additional
adaptation process. In this paper, we show that
exploiting the advantages of both PCA(Principle
Component Analysis) and LDA(Linear Discriminant
Analysis) in the
situation. The proposed method reduced the relative

recognition error by 13.5%

can Increase the performance

I A

TE= AA oYMy Butd 7171E o] &35t o
EHdIdd = 78S FRE o|4T ¢ dv A

A 432 55 A2 MEAL el TGN, 71}-
of 402 A48 AFHANT Hus 59D
1xSo] olAL Eutd 774 FHo AHux
1 ok moldE MulaHa gE A9E FoE A
A A gol AHER meko] Wad Foprh i),
2rted J)7d s A AR va) AR AL
AE olg3te] B AL el YTk YR
2t 7)7]e] e Qi vlo|aF AFRF A9
Mg moko] ol g3ty old AdolN T Ao
g+ AL Aol

2ot ]7)e) o] 8HE AR A4 AL

Q

A

S}
Ll

o

1.

A,

- 319 -

| 4goA olgdA A2 + 97 WE B3
Wkl A @] 2T HA Hdg BEojof @
o o] BAZ A 98 B AFAME FAE
A3 dEwd 249 F¥e A sel, MFCC

(Mel Frequency Cepstrum Coefficient) &4 57 A]
37 W3l 723 EA HEHE FHFIo) g A
s ddo] FL AUE FAAH

Hoa 9 )\171 3
ol ZE2AAMG A2 T

M

)H-L:-_Q_
2= Ol =

E’JOHHE L ytﬂ_ T A=
1z BAY B

oo oX
Hor Ao

™ om

LW mopE X
go |» & o

Ol
e

e <y

i

Microarray
-LDA[1]1E
o A %
A8 AT
2 =59 7L U 2ok 2 AN FAE
A (PCA: Principal Component Analysis), A3 3
2A (LDA: Linear Discriminant Analysis)® 3}x}<]
Ao 71 drtFHo®E ol g = GMM(Gaussian
Mixture ModeD)& 4713t 3FdAAM &= & =Fo| A

t@ PCA-LDA AFel el 7ledth 434
4% 84 2 A%RE ANHD 5FIH FES P
t}



FARE A A8 U

N
o
M
)

A (Principal Component Analysis)
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