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Abstract

This paper describes a multimodal dialog system
that uses Hidden Information State (HIS) method
to manage the human—-machine dialog. HIS dialog
manager 1s a variation of classic partially
observable Markov decision process (POMDP),
which provides one of the stochastic dialog
modeling frameworks. Because dialog modeling
using conventional POMDP requires very large
size of state space, it has been hard to apply
POMDP to the real domain of dialog system. In
HIS dialog manager, system groups the belief
states to reduce the size of state space, so that
HIS dialog manager can be used in real world
domain of dialog system. We adapted this HIS

method to Smart~home domain multimodal dialog
system.
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