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Integrational Operation of Stochastics and Neural Networks Theory for
Nonlinear Modeling

Abstract

The goal of this research is to develop and apply the integrational model for the pan evaporation and the alfalfa
reference evapotranspiration in Republic of Korea. Since the observed data of the alfalfa reference evapotranspiration using
lysimeter have not been measured for a long time in Republic of Korea, PM method is used to assume and estimate the
observed alfalfa reference evapotranspiration. The mtegrational model consists of staochastics and neural networks
processes respectively. The stochastics process is applied to extend for the short-term monthly pan evaporation and
alfalfa reference evapotranspiration. The extended data of the monthly pan evaporation and alfalfa reference
evapotranspiration is used to evaluate for the training performance. For the neural networks process, the generalized
regression neural networks model(GRNNM) is applied to evaluate for the testing performance using the observed data
respectively. From this research, we evaluate the impact of the limited climatical variables on the accuracy of the
integrational operation of stochastics and neural networks processes. We should, furthermore, construct the credible data of
the pan evaporation and the alfalfa reference evapotranspiration, and suggest the reference data for irrigation and drainage
networks system in Republic of Korea.
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o2 FAReH, vy FAclE 7125 F AAEEY T dES, 24S 2 e 9AE dd" 72
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oz glglon 7} giolr} 100, 5000 21,0003 89} ¥ HEv|L, )L, FAv|2, Hi o|&HRE, Hi
AUEE, B9 AUEE, UaEs, AuiES 2 d2Ae DA, TF g F FURA) S 9 g
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B A= P& 19853 7E] 199049] 61 Foke] 42 4y Havle, Fur)e, HAr|e, B o|&F
25, Ha AUEE, B AUES, B9EE JUES 9 4R s € F SUAA SRS R PM F
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