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A study on the Generalized Regression Neural Network for preliminary design of
steel pulley
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(a) Isometric view
Fig. 1 CAD model of typical pulley

(b) Front view
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Table 1. Parameters and values of GA operation

Parameter Value
Population Size 50
Maximum Generation 70
Crossover probability 0.9
Mutation probability 0.01
Inifial spread and
training data
GRMM learning
Sample
J' data

RMSE of output of sample
data and GRMM results

|

Mew spread value

Fig. 2 Flow chart of stress estimation model
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Fig. 3 Difference between FEA results and proposed estimation
for tested pulley design
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