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A pragmatic algorithm for the Minimum Railway Stock Maintenance

Routing Problem
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Abstract Bjake] Aol ol B A7 sdE sk
Given a schedule of train to be routed by a Railway g 848 TAe 88 FaA AA A A
Stock, Railway Stock Routing Problem determine a S Aoz AL & F o A 2AE
sequence of train while satisfying turnaround time and 9] Al wWE e 28748 A AFIE =
maintenance restrictions. & tHE= =00 tS ssa A}, oy 2
of mEA AR HY EAE ME 5 2
The objective is to minimize the Railway Stock during a o}
week and each day simultaneously. And we prove that '
Railway Stock Routing Problem with maintenance - o
restrictions is NP-hard. L1 A4 39
WA B AT AR E = oS BodE
In this paper, we present two stage approaches that solve st} AxH(Train)©= #3719 H(Flight)e] NI A
the Railway Stock Routing Problem in a reasonable time. g a9 w2z Az B2 59 TR
In first stage we relax maintenance restrictions and el ARE JMA I Q= AU AE ou]|dt), x}EF
formulate as a Min-cost-flow problem. Then, in the (Railway Stock)& Az} 8z} 9= 283

second stage, we attempt to satisfy maintenance
restrictions using ours heuristic algorithm. We show the
computational result of applying to an actual train
schedule data.

Keywords: Railway Stock Routing Problem, Minimum
cost flow , Integer programming, Heuristic algorithm
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