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Recognition of Power Quality Problems using Neural Network

Hongkyun Kim, Jinmok Lee, Jacho Choi
School of Electrical and Computer Engineering, Chungbuk National University

ABSTRACT

This paper presents about recognition power quality
problems using neural network. Neural network is a very
powerful way to detect and classify power quality problems.
But the transient like as very fast problems is difficult
event to recognize. Wavelet transform is appropriate method
for detecting signal irregularities. So we make features from
wavelet transform. Finally we get high efficiency for
detecting and classifying almost all power quality problems.
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Table 1 Classification results

True Classification Results

Class 1 2 3 4 5
1 2 0 0 0 0
2 1 18 1 0 0
3 0 0 20 0 0
4 0 0 0 | 19 1
5 0 0 0 1 19
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Table 2 Percentage of recognition rate

PQ Event Recognition Rate(%)
Normal 100
Sag 0
Swell 100
Transient %
Harmonic 53]
Total 9%
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