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Function HowLargeExpand(x,)
Input: x,:n-gram
Output: an integer for expanding size

1.Retrieve (n+1)-grams x,, forx,,.

n+l
2.Compute

D = KL(P(y[x,) || P(y | X,.1)).
3.If D > 6, Thenreturn0.
4.return HowlLargeExpand(x,,)+1.
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Function HowSmallShrink(x,)

Input: x,:n-grams

Output : an integer for shrinking size
1.LIf n < 1 ThenreturnO.
2.Retrieve (n—1)-gramsx,,, forx,.
3.Compute

D = KL(P(YIx,) || P(y|x,.)).

41f D < 6y Thenreturn0.
5.return HowSmallShrink(x,_)—1.
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Function ChangingWindowSize(x,)

Input: x, :n-grams

Output: an integer for changing window size
1.Setexp := HowLargeExpand(x,).
2.1f exp>0 Then returnexp.
3.Setshr := HowSmallShrink(x ).
4.1f shr<0 Thenreturnshr.
S.return 0.
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