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SVM 37218 A3e) AFTY AF Aoz 5
SVM (pure —SVM)2 459 )3} 59 55 ¥
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talk.politics.mideast.
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rec-motocycles | 86.43  politics-misc_ 0.00 |
sport-baseball | 91.93 __heligon-misc_| 318
6. 48

2 EFAAT AL Fued 8% F van

B3 J10E AL A 9FF 3ga A

~ 104~



ot

FY9E o1 Sud P 9FE ARIT PIEE
B2 2 Y }FANE 32249 Slgez
A3 95§ AN 4953 4055 o) o

&
ofy
fes

H3AE AdolE AslE dwes By A
A2gaa gl AgE $4 49 WS
S8u92. o HYE VIgozd A4S W

N3} 3% sk 4Y A 21EY 9E @3 dhug

dabie e Y ¢ 4 ua
11 9% 42 4YF E3k) FIA2 IYY SVM
FAEENS 43 A Y ged ¥ ¢ 5
Agteh 2849 20 AY FE 25 HLE 3S

o A%
2 H4%s

F AR ¥ =FNM = 20-news group dlolF
Ao ANAL AYsgod 2os dojHsg L
9E diojge) AR E YUF e} ¥ djow
A= RF 2} G333 FZo) A3 100%
A A2 3 dod AYMNE F2 95E 2
4 95 930} e,

Zxn &4

[1] A. Blum and T. Mitchell. 1998. Combining labeled
and unlabeled data with co-training. In Proc.
COLT-98.

[2] S. Deerwester, S. Dumais, G. Furnas, T. Landauer,
and R. Harshman. 1990. Indexing by latent
semantic analysis. Journal of the American
Society of Information Science.

[3] A. Dempster, N. M. Laird and D. Rubin. 1977.
Maximum likelihood from incomplete data via
the EM algorithm. J. of the Royal Stat. Society,
B:39, Pages 1-38.

[4] R. Ghani. 2002. Combining labeled and unlabeled
data for multiclass text categorization. In Proc.
of ICML~-02.

[5] A. Gliozzo, C. Strapparava, and I. Dagan. 2004.
Unsupervised and supervised exploitation of
semantic domains in lexical disambiguation,.
Computer Speech and Language, 18:275-299.

[6] A. A. Gliozzo, C. Strapparava, and I. Dagan. 20085.
Investigating unsupervised learning for text
categorization bootstrapping. In Proc. of
HLT-2008, October. Pages 129-136.

[7] AK. Jain and R.C. Dubes. 1988. Algorithms for
Clustering Data. Engle-wood Cliffs, NJ:
Prentice Hall.

[8] T. Joachims, 1998. Text categorization with
support vector machines: learning with many
relevant features. In Proc. of ECML '98, Pages
137-142.

f9] T. Joachims, 1999. Estimating the

Generalization Performance of an SVM
Efficiently. In Proc. of ICML' 2000, Pages
431-438.

[91 Y. Ko and J. Seo. 2000. Automatic text
categorization by unsupervised learning. In
Proc. of COLING 2000.

[10] Y. Ko and J. Seo. 2004. Learning with unlabeled
data for text categorization using
bootstrapping and feature projection
techniques. In Proc. of the ACL-04, Barcelona,
Spain, July.

[11] D. Lewis and W. Gale. 1994. A sequential
algorithm for training text classifiers. In Proc.
of SIGIR-94.

(12] B. Liu, X. Li, W.S. Lee, and P.S. Yu. 2004. Text
classification by labeling words. In Proc. of
AAAI-04, San Jose, July.

[13] C. Manning and H. Schutze, 1999. Foundations of
Statistical Natural Language Processing. The
MIT Press.

[14) A. McCallum and K. Nigam. 1998. A comparison of
event models for naive Bayes text
classification. In Proc. of AAAI-98 Workshop on
Learning for Text Categorization.

[15] A. McCallum and K. Nigam. 1999. Text
classification by bootstrapping with keywords,
EM and shrinkage. In ACL-99-Workshop on
Unsupervised Learning in Natural Language
Processing.

{161 K.P. Nigam, A. McCallum, S. Thrun, and T. Mitchell.
1998. Learning to classify text from labeled and
unlabeled documents. In Proc. of AAAI-98.

[17] G. Salton and M. McGill. 1983. Introduction to
Modern Information Retrieval. McGraw—Hill,

[18] N. Slonim, N. Friedman, and N. Tishby. 2002.
Unsupervised document classification using
sequential information maximization, In Proc.
of SIGIR '02, Pages 129-136.

[19] V. Vapnik. 1995. The nature of statistical
learning theory.

[20] Y. Yang and J.P. Pederson. 1997. Feature
selection in statistical learning of text
categorization. In Proc. of ICML '97, Pages
412-420.

[21] C. Burges, 1998. A Tutorial on Support Vector
Machines for Pattern Recognition. Data Mining
and Knowledge Discovery, vol. 2, no. 2,

—105—



[22] N., Cristianini J. Shawe-Taylor 2000. An
introduction to Support Vector and other
kernel-based learning methods. Cambridge
Univ. Press.

- 106—



