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Development of Gesture Recognition System
using Inertial Sensors
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[ Back-propagation Learning Algorithm ]

1. Apply the input vector, X »

= (X, X s X )T
to the input units. Fr »p

2. Calculate the net-input values to the hidden layer
h _ h h
net, = Z WX, + 0,
i
3. Calculate the outputs from the hidden layer:
. ok P
by = f/ (netpj)

4. Move to the output layer.
Calculate the net-input values to each unit:

o o [+
net), = Z Wi, + 0,
J
5. Calculate the outputs:

0, = 1 (net;k)
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6. Calculate the error terms for the output units:
6;1«: = (ypk — 0, )fka-l (net;k)

7. Calculate the error term for the hidden unit:
§o = f] (net? ); 8wy

8. Update weights on the output ulayer:
wo(t+ ) =w () +7-6,0,,

9. Update weights on the hidden layer:
wht+D) =wi(t)+n-8.x,,

'10. Be sure to calculate the error term:
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